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Trend Analysis using Spatial-Temporal Visualization of Event Information
based on Social Media
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ABSTRACT

The main focus of this paper is to analyze trend of event informations in a variety of mass media by graphical visuadlization in axis
of the fime and location. Especially, confinuity analysis based on user-generated social media can reflect the social impact of a certain
event according to change time and location and their directional changes. To reveadl the characteristics of continuous events, we
survey the data set collected from news arficles and tweets during two years. Based on case studies on ‘disease’ and ‘leisure’, we
verify the effectiveness and usefulness of our proposed method. Even though some events occurred during same period, we showed
directional changes which have high-impact in social media referred user interest’s, compared with fact-based continuous visualization
resulfs,
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