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Traffic Sign Recognition using SVM and Decision Tree for
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Abstract

Traffic Sign Recognition(TSR) is an important element in an Advanced Driver Assistance System(ADAS).
However, many studies related to TSR approaches only in normal daytime environment because a sign’s
unique color doesn’t appear in poor environment such as night time, snow, rain or fog. In this paper, we
propose a new TSR algorithm based on machine learning for daytime as well as poor environment. In poor
environment, traditional methods which use RGB color region doesn’t show good performance. So we
extracted sign characteristics using HoG extraction, and detected signs using a Support Vector
Machine(SVM). The detected sign is recognized by a decision tree based on 25 reference points in a
Normalized RGB system. The detection rate of the proposed system is 96.4% and the recognition rate is 94%
when applied in poor environment. The testing was performed on an Intel i5 processor at 3.4 GHz using Full
HD resolution images. As a result, the proposed algorithm shows that machine learning based detection and
recognition methods can efficiently be used for TSR algorithm even in poor driving environment.
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Fig 3. HoG feature of traffic sign
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