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Emotion Prediction of Document using Paragraph Analysis
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Abstract  Recently, creation and sharing of information make progress actively through the SNS(Social
Network Service) such as twitter, facebook and so on. It is necessary to extract the knowledge from aggregated
information and data mining is one of the knowledge based approach. Especially, emotion analysis is a recent
subdiscipline of text classification, which is concerned with massive collective intelligence from an opinion,
policy, propensity and sentiment.

In this paper, We propose the emotion prediction method, which extracts the significant key words and related
key words from SNS paragraph, then predicts the emotion using these extracted emotion features.
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