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Abstract

In this paper, the proposed movie recommender system constructs trust network, which is
similar to social network, using user’s trust information that users explicitly present.
Recommendation on items is performed by using relation degree between users and information of
recommended item is provided by a visualization method. We discover the hidden relationships via
the constructed trust network. To provide visualized recommendation information, we employ
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Freebase which is large knowledge base supporting information such as movie, music, and people

in structured format. We provide three visualization methods as the followings:

based on movie posters with the number of movies that user required.

1) visualization

il) visualization on extra

information such as director, actor and genre and so on when user selected a movie from

recommendation list. iii) visualization based on movie posters that is recommended by neighbors

who a user selects from trust network. The proposed system considers user’s social relations and

provides visualization which can reflect user’s requirements. Using the visualization methods, user

can reach right decision making on items. Furthermore, the proposed system reflects the user’s

opinion through recommendation visualization methods and can provide rich information to users
through LOD(Linked Open Data) Cloud such as Freebase, LinkedMDB and Wikipedia and so on.

» Keywords : Visualized
modeling
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E 3. Freebase?| Film o212 Ell(Types) 2t £&(Properties)
Table 3. Types and properties of Film domain of Freebase

Type Properties
Also known as Official website Topical webpage Web Link(s) Notable for
Common/Topic Description Topic equivalent webpage Subjects Properties Notable types
Image Social media presence Subject of Weblink
Initial release ) Featured -
Story by Runtime . Metacritic film ID
date Locations
) ! ) ) Apple movie
Tagline Cinematography Languages Film Series PP )
trailer 1D
. ) - Rotten Tomatoes
Directed by Edited by Country of origin Sequel D
Notable filmin ) .
Performances Release date(s) ) o Prequel Trailer Addict ID
locations
Personal . ) )
. Casting director Gross revenue Film format Fandango ID
Film appearances
Dubbin ) ) ) Production .
o Production design by Estimated budget ) Pre-production
performances companies
Genres Art direction by Rated Distributors Filming
) ) . Other film .
Subjects Set Decoration by Trailers . Post-production
companies
Executive ) ) . .
Costume design by Film Collections Netflix ID Songs
Produced by
Produced by Other crew Soundtrack Film festivals
Screenplay by Music by Featured Song NY Times ID
Awards Award Nominations Awards Won
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(c) MEE ALK} 7 [9teZ Top-N A&
(c) Select Top-N by a chosen user
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(d) Top-N recommended list
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Fig. 12. Top-N recommendation visualization based on a user
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Special
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