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Face Detection Algorithm Using Color Distribution Matching

Seong-Geun Kwon'

ABSTRACT

Face detection algorithm of OpenCV recognizes the faces by Haar matching between input image
and Haar features which are learned through a set of training images consisting of many front faces.
Therefore the face detection method by Haar matching yields a high face detection rate for the front
faces but not in the case of the pan and deformed faces. On the assumption that distributional
characteristics of color histogram is similar even if deformed or side faces, a face detection method using
the histogram pattern matching is proposed in this paper. In the case of the missed detection and false
detection caused by Haar matching, the proposed face detection algorithm applies the histogram pattern
matching with the correct detected face area of the previous frame so that the face region with the
most similar histogram distribution is determined. The experiment for evaluating the face detection
performance reveals that the face detection rate was enhanced about 8% than the conventional method.
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