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3 ght-to-Work' Law in Michigan Points
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Ontology-based Semantic Interoperability between Social Network Service and Video for Personalized News Service
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You can use this app, if you can login on Facebook. ? You can get personalized news service after login with
Facebook.
(= B2 Al 2 HO|-52% STRISEH0F FIE JRSELICH

f Login with Facebook

The information obtained is only for the purpose of generating news recommendation in our news service. The
information include your name, age, birth, Likes, Interests, Friends list, and parts of recent news feed.
Ol ZJALOIE0IM =T EF AFERIS] HI0|A~F2] 22T H8= H3 SH2Z0 MEELICE (015, L0l #18, Likes,
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(a) User login via Facebook Account
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(b) News Recommendation by User-News Similarity
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Related Post
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(c) Watching News and News Recommendation by News-News Similarity

<Figure 6> News Recommendation System
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<Table 1> News Prediction Accuracy(MAE)
Top-N
Method 5 10 15 20 25
TF-IDF 0.9253 0.9276 0.9319 0.9427 0.9803
6Sub-Vectors 0.8926 0.9005 0.9047 09128 0.9426
our method 0.8212 0.8374 0.8595 0.8672 0.8946
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Abstract

Content-based Recommendation Based on

Social Network for Personalized News Services

Myung-Duk Hong* - Kyeong-Jin oh” - Myung-Hyun Ga - Geun-Sik Jo

Over a billion people in the world generate new news minute by minute. People forecasts some
news but most news are from unexpected events such as natural disasters, accidents, crimes. People
spend much time to watch a huge amount of news delivered from many media because they want
to understand what is happening now, to predict what might happen in the near future, and to share
and discuss on the news. People make better daily decisions through watching and obtaining useful
information from news they saw. However, it is difficult that people choose news suitable to them
and obtain useful information from the news because there are so many news media such as portal
sites, broadcasters, and most news articles consist of gossipy news and breaking news. User interest
changes over time and many people have no interest in outdated news. From this fact, applying users’
recent interest to personalized news service is also required in news service. It means that personalized
news service should dynamically manage user profiles. In this paper, a content-based news recom-
mendation system is proposed to provide the personalized news service. For a personalized service,
user’s personal information is requisitely required. Social network service is used to extract user
information for personalization service. The proposed system constructs dynamic user profile based
on recent user information of Facebook, which is one of social network services. User information
contains personal information, recent articles, and Facebook Page information. Facebook Pages are used
for businesses, organizations and brands to share their contents and connect with people. Facebook
users can add Facebook Page to specify their interest in the Page. The proposed system uses this Page

information to create user profile, and to match user preferences to news topics. However, some Pages
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are not directly matched to news topic because Page deals with individual objects and do not provide
topic information suitable to news. Freebase, which is a large collaborative database of well-known
people, places, things, is used to match Page to news topic by using hierarchy information of its objects.
By using recent Page information and articles of Facebook users, the proposed systems can own dynamic
user profile. The generated user profile is used to measure user preferences on news. To generate news
profile, news category predefined by news media is used and keywords of news articles are extracted
after analysis of news contents including title, category, and scripts. TF-IDF technique, which reflects
how important a word is to a document in a corpus, is used to identify keywords of each news article.
For user profile and news profile, same format is used to efficiently measure similarity between user
preferences and news. The proposed system calculates all similarity values between user profiles and
news profiles. Existing methods of similarity calculation in vector space model do not cover synonym,
hypernym and hyponym because they only handle given words in vector space model. The proposed
system applies WordNet to similarity calculation to overcome the limitation. TopN news articles, which
have high similarity value for a target user, are recommended to the user. To evaluate the proposed
news recommendation system, user profiles are generated using Facebook account with participants
consent, and we implement a Web crawler to extract news information from PBS, which is non-profit
public broadcasting television network in the United States, and construct news profiles. We compare
the performance of the proposed method with that of benchmark algorithms. One is a traditional method
based on TF-IDF. Another is 6Sub-Vectors method that divides the points to get keywords into six
parts. Experimental results demonstrate that the proposed system provide useful news to users by applying
user’s social network information and WordNet functions, in terms of prediction error of recommended

news.

Key Words : Content-Based Recommendation System, Personalized News Service, User Profile,

Social Network
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