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Al 98 435 Al7I= AlZI7F Hol, Addie] 20109 18.4%, 201132 17.5%, 2012 12.7% =
Sulet Z7} Folg Holm Yok meel® FAAH B8 Zuigeletn sttt FAN AT
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2. ATEA D HAAT

WA AE Pe JES FARC] WA WIS Holu nAe F4
e Azglolth. BARY AgelA & 5 Aol AR

TE &9 7 J3-E £l 7198 5

Ao &Y Suict S/t FolE Hola Utk FH BES ZA3) A AR OPOIE“OH 3k g3
T 2GS Asele AL FAAN2HA g B2 Aot A 2L s £2 ¢
g&o] Fodit). o] =RdMe Ve FHZ dHY a5y 5S4 B4 Ay AT | A=
<+ &S Asi At e dutslE 915 100k dolE{ A7, 1 million HlolE AT F 719 ©
o] el &gt £kt

Y4 BEYH 2AAAD] B ABATE AAnw FeH BEYe due)
3 FHEE ATE Lee 5 (20062 A7/} gon o dje 7]&9 duyEel o
BCFA (neighborhood based collaborative filtering algorithm)& &3l © of
< AMEEte] 2L 23152 CMA (correspondence mean algorithm)g A+t
0)L FHAA~EAA H A2 (LSM; least square method)< ©]-&3to] A7k} 71zt
3 A2 HAGA ASE TRAZE AN A5 24 FUT9 TAE A Linden &
= A8t R A5l tel dFrskalth Kim 5 (2012)2 BA]
%—3}: FHAd e g o] Zelx ARE 23510 g3l st 24 AI}w
% (2011)2 ¥¥3 Z€¥ 7Y A= 6;,@% 24 }oq ot}
% }ﬂEO] HE Ro= -4146]-0:] Aol g 5

o N

12z
j
r4>4
Mo
kLT
N
2

Hir
2
T
’B
(e}
=
L‘Z
rlr
mﬁL
%
Zi
&;
L
AL
> N,
E
PR
i
i)
_I_/ -‘IN’
> o E
mlo
Ho
r;'h
i) L
02
rﬂ'
M o g
of oz
mlo
é
>
off
B
X3

AgAEe 2



A study of development for movie recommendation system algorithm using filtering 805

5 (2012)2 AF iR B, TS 2 FBA HEEE 2452 BH ] of %
4ol Weiste] 4E ¥ol7] AT ATE PSP O Yanxdang 5 (2013)2 vlolel 34 npe
Top N #29] #AIE M8 7)) S 283 i o §3lo] 934177 98 A7E ABstarh

2.3. AZE A5 d2F
A BHY HEE 24 SUYZOE ARHE 7R 4 (2.1)L o2 A PHH BHY @
12F L2 NBCFAC|H 4] (2.2)&= NBCFACA] Jol thaf MEZE 42 H§3to] WYt dnejd
ojth. 4 (2.3), 4] (2.4)+= Lee (2006) 7} Al et G e]E o2 7+ CMA Type 1, CMA Type 22
Wtk Rk o ® CMAZRL 3FH CMA Type 2§ 9 u|glitt.
1) o]% 7I%¥t §82 FE]¥ (NBCFA; neighborhood based collaborative filtering algorithm)
24 (1) 98 LY LuelFed NBCFACW 44 22)& $4 21N J& Jnaen W
Agk 4otk
S (D) O
Uz :U+ JERaters 7 0%7]/‘1 J= i=1 i Z#I (21)
> |7l n
JERaters
Z (Jz - jmatch) Tuj
Ux — U+ JERaters (22)
> rugl
JERaters
A7, Une A7 wlolE AT 24F 3t ASE oS 4 17 U9 A3E FAgkeld, U= A
Tx o5 o o] FH BE AEel e A3 s F7EY Foltt. Jov adEel thEt o %
1Ae) AT Brigteln, o] 1A Ji U, 5 Ae7] 93 o3Eol tsl A3=E F7ke nAs
= FARG. JE ol% 27 J7k B A Frkkel BRLE olu) pARel e M Kk
& AN Taeens 24 ugh 0% 17 j7h FFOE EAF oboldSel B 17 jo] HEE
ootk R 2 A5 i 4 U o] 14 Jo] ARE FAAEE YElE FARE 7 A
ojch.  AFolA R FHAEE BAY] J5te] NBCFAE o]83te] nAe] A5EE A3
W RAE EA 1 TolE ABASE ol §3Th

2) o]% 7|¥F - &18]E (CMA; correspondence mean algorithm)

FYHA FEF o] 7)¥ €159 NBCFA €ugEdE Ues 4 1o Yyehd A3 AA
9 FEE v ok ARBAE Ul Al ryw 58 2 wst 59 wel 7 5o E
743k g2 o 2wl 844 "} o Ut 14 w2 A5 AAY Fo< o435 "k CMA ¥l
7t 3Eo® #7855 FFEY] BHY Unatens ©l83TH

oft

=
27 us} j 2 £7)% ATEES o] §3te] 17 uo] HBEE 537 wlel o)
27 o ABEE 17 uo} FEOE £/ HETEVL o] §31: Ao] BT Aoz @] JE
37 ush FEOR H7)% ofoldEe] T HEEY Juwan ol8HTh F4 (2.3) CMA Type
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10]m 4=4] (2.4)= CMA Type 20|t}

B > (o= D z
Us = Unaten + 582 CoM T=E ity (2.3)
> Tl
JERaters

(t]x - jmatch)ruj
JERaters (24)

>, rugl

JERaters

Uz = Umateh +

ol &

71A, Unnaten's AHAF us} o] 114
% —E-O]T/]- Jmatcht —L-ZE u?,]— ]

L JE o% 17 J7 Bk AEE Hrlgkel %gz omﬁ PRE U8 HEE AAGE AN
o}.

)

2.4. dF Z¥x P

94 BEYolA 29 RIS WA Astel 3 FAge] ARFFLA (MAE; mean
absolute error)E ©]83lo] MAEE AAsttt. MAEZF 3@ AA| A|2HE] oF A =7) Wolx|1
MAE7} 20w o5 A%} olalth. the-2 MAES] A4 olth,

1 R
MAE = ~ ‘Ru-—Ru-
n; i — R

O
2

A, Rue ool joll e 24 ue] 4A 45 % B7Rkeln, Ry ofold joll Bt w4 el
= B 237l

3. ATHT RAAR W B4 Y

3.1 A9 delel el 74

2 AF+= vvAE g9 GroupLens AFA0|A F7H8k= MovieLens o o]E{ 3ol A 100k d
o|E At 1 million vlelEAge o]-&3te] A3t 100k HlolH 2 F 94382 SHA=l
168299 g3}ol] thaf AR MTAEE 53 HEE BV AT Prigor FAdF] I F 3
7FEe = 100,000 2 A= o] Jom ZF SiAbs AHolk 207 ool g3l SHe st 1
million MovieLens HoJE] 32 & 6,040 ARRAEo] 3,952H 2] dsto tfsl] AA] ATAHTE
54 Hrr 7% A5k } e 7T Jon F Hrhgke] = 1,000,20970 2 /35 o] Slck
2 dFolAe @@%%1‘5‘: dA= vt 2

1. 100k Blole13 %} 1 million dlolElAF ] il 441 (2.1), (2.2), (2.3), (2.4)2
AEE Aatstty, s 24 P2 FASE T s 109 e AYe Uyx A5
HYgoz AAs] RE tolgF gl s AE=g =431tk & 100k wlo]e] AT %DLXE
1,000,000789] thsl AS= FAFE FoFTE. TSt 1 million dlolE A2 SHAE 10,0
of tis| A= FAHZES FIATE IHY o]% 7|uke] A FeE AP 24 6@%} 3}

E X
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= 93l sl da=E F7He o]0l EAstolof st = o] R I FARE 7S A7} ALkE o of 8t
= 3ol FEHA oot F%e 7 + e A7F JolAl 100k HlolEHFE-E 1,000,000
Hak SollA 99859705 FAHE 5 ol FF vle2 99.859%E YEbsken 1 million ©lo]Bl 3
10,000,20971% 10,000 0767HE *74 E" g}o% A v]E-2 99.987% 2 EFGTE

An‘.

2 (2.1), (2.2), (2.3), (24) 0.2 24 A" 247

5. 100k AT e O3S SRAUE EFoNel BERE] S48 F gl B 5
& E43tglon] 1 million HolelTe] S 60409 SHAUT R o] SPRT] S5} £

4 (2.1), (2 2), (2.3), (2.4)2 349 100k dl B &7} 1 million tlolE A 43S 22t
©) SR 9431, 6,04 %‘% SEAE R TRt AR AL AL B 2GR A 7

[

oz 1Jxo] o]EL Aoz AT oF AAL fol+== o=0.05, 0.01, 0.005, 0.001 = 233}
of £41 (2.1), (2.2), (2.3), (2.4)] F& AT Ao =] ﬁfﬁ‘é 43Tt
100k ol o] B &34 1 million t| o] 7ol A Ao AREE 4 (2.1),(2.2),(2.3),(2.4)8] EA=

o.m

spostal Mg dareEel AHE AL AAsch
6. AAE 219 2ol <3 100k HlolE|HF=} 1 million tlolE} o] s MAES H4 R 3=
& Fksich
7. MAEE H4R ke Aol o3 thA] FA3E F8te] MAES 3kaL 7]€ $49] MAES} |
i FAsEgITh

100k dlolE 3 A% 4] (2.1), (2.2), (2.3), (2.4)F AH&3l] 100,000782] 3 7kzkell ths) =
At A3 TS At T gle AE AL 99,8590 FAHE 4 Jon AV HE2
99.859% =2 UERgTE TS 1 million HolEIRE A 4] (2.1), (2.2), (2.3), (24)F /\}—&1‘5}01
1,000,20970] B7tgkell thal A4S A3 =S AL 5= gl F9E AL 1,000,076715
& 4 Jom 27 HlE2 99.987% 2 JERGTH

Table 4.1 Estimation ratio of 100k dataset and 1 million dataset

I

O_\.,

classification number of dataset number of estimation ratio
MAE of 100k dataset 100,000 99,859 99.859%
MAE of 1 million dataset 1,000,209 1,000,076 99.987%

Table 4.2+= 100k dlo|E| &}, 1 million HolE|H A =43k MAE 234& vE 1 . 2
oA 4] (2.4)7) 7HF Zoew MAEE Z+7F 0.5819, 0.5863 2.2 UERGTE MAEZ 24 UYehd A
2 4] (2.2)9] MAEZ 7H7} 0.6351,0.6425% 713 =4 Uepgdoh 2F 4412 100k dlolE &3} 1
million HOJEIFFoNA 5L3 <9 AL E Hola Ut

Table 4.2 MAE of 100k dataset and 1 million dataset
classification equation (2.1) equation (2.2) equation (2.3) equation (2.4)
MAE of 100k dataset 0.6228 0.6351 0.5870 0.5819
MAE of 1 million dataset 0.6262 0.6425 0.5960 0.5863
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Table 4.3 100k dl°]E] - &} 1 million dlo]Ej R gre] ZHz+e] A7k 98,8597 2} 1,000,076 712] 3
AN 21), (22), (23), (20)91 $8 59 S0 0 BAao) e sk 9 e 342
£ sk AelA 100k WA £4 (21), (22), (24)E 227 29 S Bel 1
gom 4] (23)2 el ©x7h gol vebeieh. 1 million HlolEAFE 100k HlolE T FAHE
$E Holn 9o} B F39 ol el thal 2 S48 Tha L Fh FASH) ek 7hs A

o3 Gtk B3 £4E 4 AHAE S FAREES Holx glo} 24 A 2R RG] AFHYS

Table 4.3 Number of minus error and plus error of datasets

classification equation (2.1) equation (2.2) equation (2.3) equation (2.4)
minus error 53335 (53.4%) 60011 (60.1%) 45423 (45.5%) 52694 (52.8%)
plus error 46524 (46.6%) 39848 (39.9%) 54436 (54.5%) 47165 (47.2%)
minus error 535688 (53.6%) 618988 (61.9%) 438517 (43.8%) 529689 (53%)
plus error 464388 (46.4%) 581288 (38.1%) 561559 (56.2%) 470387 (47%)

100k dataset

1 million dataset

Table 4.4+ 100k dlo]E] & 100,000719] A5 F 74 7Fa$ 99,8590 A 73} L A8 AALe)
o] 94399 FHA T =9 LA ¥ ®ol YEhd SHAS}; Fo| A7) B wo] Uit SHEAE £4
(2.1), (2.2), (2.3), (2.4)°] W} BH3t ®olrh. 100k ool 3ol Al 99,8597]9] FAZke] S5 &
G E EF8 A9 49 22k &, &9 FHle R0l e AR UET (p=0.000). 4]
(2.1), (2.2), (24)= =9 221 A7} Wo| Uehgtal 4] (2.3)2 &9 471 wol vEpytt wet
A F4) (2.4)F B71gE Bk o) X7 Bow 4] (2.3)2 A FAH A7) go] YERGa QT

Table 4.4 Chi-squaretest of equation and error type in 100k dataset (users 943)

classification equation (2.1) equation (2.2) equation (2.3) equation (2.4)

minus error 618 (65.54%) 854 (90.56%) 352 (37.33%) 686 (72.75%)
plus error 325 (34.46%) 89 (19.44%) 591 (62.67%) 257 (27.25%)
statistic x2= 622.621, p=0.000

Table 4.5 1 million ®°]E] A3t 10,00,209712] 217 & 24 7153+ 10,000,076 712) 243 © %}
£ AXksto] 6,040 SHAF 5 29 27§ wWol uehd SRRk ¢ LA H geo] vEhd &
HAE 74 (2.1), (2.2), (2.3), (2.4)°] w2k 73 Eoltt 1 million vlo]E] 5 3ol A] 10,000,076 7§ 2]
TR A= SHAER ERE 2 #4324 &, ol FEle #dde] e AeR YEh
t} (p=0.000). 4] (2.1), (2.2), (2.4)= &9 L2/} o] Vel $24] (2.3)2 %] a7} o] 1}
Rl ol 100k vlolE| R} &3 FASE AIE Kol 9lo] f4o] HolE Y] FEe} FARle] dHF

Q34 APl 4SS L 5 Ank

Table 4.5 Chi-square test of equation and error type in 1 million dataset (users 6040)

classification equation (2.1) equation (2.2) equation (2.3) equation (2.4)

minus error 3913 (64.78%) 5732 (94.90%) 1642 (27.19%) 4591 (76.01%)
plus error 2127 (35.22%) 308 ( 5.10%) 4398 (72.81%) 1449 (23.99%)
statistic )<2=6550.2147 p=0.000

Table 4.6 100k "lo|E]A 3t S} 94388 Sz g ZR3lo] Frigka A 2=
Akt & 94379 SHAPEE 24k &, gl tisl oA = AR Afelnk. o|FHAL 9437
Ztzol sl 2 % @=0.05, 0.01, 0.005, 0.001 oA AAstAtt. ZolA He AAH $4

1}
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(2.1), (2.2), (24)9 Aol 237} &9 SRR} Bo] Lihton] 424 (2.3)0 A= 227 ¥l
SR} wol Lhehy.

O

Table 4.6 Binomial test of users error in 100k dataset

Sig. level classification users of users of users of users of
equation (2.1) equation (2.2) equation (2.3) equation (2.4)

e 0.05 minus error>plus error 172(71.37%) 365(99.18%) 28(12.84%) 95(92.23%)
minus error<plus error 69(28.63%) 3(0.82%) 190(87.16%) 8(7.77%)

0—0.01 minus error>plus error 115(77.70%) 264(99.62%) 13(9.03%) 42(87.5%)
minus error<plus error 33(22.30%) 1(0.38%) 131(90.97%) 6(12.5%)

—0.005 minus error>plus error 90(78.95%) 231(99.57%) 11(9.02%) 34(89.47%)
minus error<plus error 4(21.05%) 1(0.43%) 111(90.98%) 4(10.53%)

0—0.001 minus error>plus error 57(81.43%) 154(99.35%) 6(7.32%) 16(84.21%)
minus error<plus error 13(18.57%) 1(0.65%) 76(92.68%) 3(15.79%)

Table 4.7-2 1 million Ho]E| A3 oAl SHA} 6,040 SEAPEE R3] Frlztat 2AZ <
A2 AR & 6,040 SHAPER 2419 &, ol tid] o]FAF S AMEE] BEAE o) FA
AL 6,040 Zhztol T -rr«] Z a=0.05, 0.01, 0.005, 0.001 F=ZNA AA3ALE. FoA] B= A
A" 4] (2.1), (2.2), (2.4)9 Aol 227} &9 SEA7) wol Uehkon 44 (2.3)dA= 24}

7} ) SRR} Bhol »}E}w.

Table 4.7 Binomial test of users error in 1 million dataset

Sig. level users users of users of users of users of

equation (2.1) equation (2.2) equation (2.3) equation (2.4)
0—0.05 minus error>plus error 1421(70.24%) 3739(99.15%) 244(10.22%) 1004(87.46%)
minus error<plus error 602(29.76%) 32(0.85%) 2144(89.78%) 144(12.54%)

—0.01 minus error>plus error 966(71.77%) 2804(99.36%) 122(7.11%) 543(88.73%)

minus error<plus error 380(28.23%) 18(0.64%) 1595(92.89%) 69(11.28%)

—o00s  ™Minuserror>pluserror  S44(TLTT%)  2483(99.52%) 94(6.19%) 433(88.55%)

minus error<plus error 332(28.23%) 12(0.48%) 1424(93.81%) 56(11.45%)

—0.001 minus error>plus error 597(71.24%) 1878(99.42%) 52(4.54%) 253(87.54%)

minus error<plus error 241(28.76%) 11(0.58%) 1093(95.46%) 36(12.46%)

Table 4.6, Table 4.72] ZA3}ol|A 100k dlo]E}FE] §HR}F 943782 2 %9} 1 million Hl o] F <
SHA 6,0407 0 gk @ xke] &, Fgkell dis olFgEAS A= 4] (2.1), (2.2), 24)E 29 £
2178 gol UERg o =4 (2.3)ol e F a7t @2 Ao Z uEhgt) o] A2 100k HlolE AT,
Imillion =lolelFgtel] Thafl 21 (2.1), (2.2), (2.3), (2.4)7} 7FA I Y= SR A4 ol FA o
Aol LS FAAETS 7RI Uk EF o] A2 MAES] 37|89} FHsHA A7) &, o E JERY
T4 (2.1), (2.2), (2.3), (2.4)¢] %@ﬁﬁh‘l nest] AEZR ¢aEE & 7FeS 7HA L Ut

Table 4.8-2 100k d]°o|E]# 3}, 1 million dlolE] g tist F71zka RS Fojs AAAST=E
B A2 daAsY ﬁ7lt 41 (2.1), (2.2), (2.3), (249 €22 Yehgth 4] (2.1)0 A¢
100k Hlo]El A%, 1 million dlolElgde] A3AF7 2z} 0.712, 0.7042 7P @opon) 41 (2.4)9
A= 472 0.760, 0.751 2 71 =4 UEETE Sold H2 MAE7]' 7+ 3 A vEREE =4 (2.2)7F
FAAGAXME 4 (2.1) Bt o =4 UetbTh o] 212 Top N 304 N9 27|& FA s1A 4
(2.1)el vjs) =4 (2.2)¢] Top N A5 HFHC2 {FAT 5 °1D}H AL 9]k Aoltt.

P
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Table 4.8 Pearson’s correlation coefficient of rating value and estimation value

classification 100k dataset 1 million dataset
equation (2.1) 0.712 0.704
equation (2.2) 0.721 0.719
equation (2.3) 0.754 0.742
equation (2.4) 0.760 0.751

o14re] Az}z 100k HolE1 &3} 1 million ©lo|E] gﬂoﬂﬁ 42 (2.3), (2.4)7} MAE7} ztom
gt 2GS ABASI 2A etk £8 $4 (21), (22), (24)F L3471 22 97 wel
UERSTE el7lelA 4] (2.1), (2.2), (2.3), (24)& 2T FEZ Ve £ glolN e 2e 2%
PaelE S At

n

0 =min | > |Ri — fu(Ri, Ry)l/n| , i,j = 1,2,3,4 (i # j) (4.1)
k=1

A7A, f(Ri,R;) =0 R; + (1—-0) - R;, (—00 < 0 < 00)0| 1L, Riz 54} (4)2] FAgkoIn, ks 374

*e] Aol o

T4 (41)04 0= 7k R 3%k Rk Ryl 7FA] 0, 1 - 05 53 AP 234 7] dojext
o] BaE AR o= g Ymgitt

Table 4.9%= 100k do]E]Zgoll A 4] (4.1)0 the MAEZF H4 Y o] 93k :®olth 4] (4.1)9]
A 07} -0.5299] Ryt R,9) A3 23 w) MAEZ} 0.5738%2 74 27 vebdth. 3k Table 4.20)
A g2l (24)9 o] MAE 058199 ®lg] o 2HA Uebdth o] A2 4] (2.1),(2.2),(2.3),(2.4) A
MAE7} 7b¢ 2] vehd 4] (2.4)0l w3 dlZ4=7) o Srhe AL oudith. = f(Rs, Ra)7t
o2 40l vls] MAES 42 3= dugEo s dgdn

Table 4.9 Minimum MAE and fof equation (4.1) in 100k dataset

classification 0 MAE
f(B1, Ra) 0.943 0.6227
f(Rl, R3) -0.189 0.5860
f(Rl, R4) -0.418 0.5777
f(Rz2, Rs) 0.079 0.5867
f(Rz, Ra) -0.529 0.5738
f(Rs, R4) 0.326 0.5803

Table 4.102 1 million Hlo]E] A M 4] (4.1)o) et MAEZ} 4 w] §gk2] &eolt).

F4] (4.1)01A 07} -0.47290 Ro7 Re©) AP ZAFY w) MAEZ} 0.57932 714 24| vhebgeh
¥ Table 4.2014 4] (2.4)Q uf MAE 0.5863°] vls © ZA Uyttt o] AL £4] (2.1), (2.2),
(2.3), (2.4)°14 MAEZ} 718 2HA vehd 541 (2.4)0 vl3) S A3E=7 § Frhe s st
Z f(R2, Ri)7} th2 5400 w)3] MAES 22 sk duelEos BAF Yt

Table 4.10 Minimum MAE and fof equation (4.1) in 1 million dataset

classification 0 MAE of f(R;, R;)|0
f(B1, R) 0.927 0.6261
f(Rl, RS) -0.020 0.5959
f(Rl, R4) -0.388 0.5827
f(RQ, Rd) 0.183 0.5933
(Rz, R4) -0.472 0.5793

f(Rs, Ry) 0.269 0.5849
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Table 4.11-% 100k HJo]E g, 1 million Hl]E F g4 247t 6=-0.529, 0=-0.472 & ®} f(R2, R4)
o] FHLAe] Aujx|et 4] (2.4)9] FALAY AUAE &S ol& t AT Adeltt. AR A
100k dlele1 5]k, 1 million dlo|ElF oA BT FAHcE FJAA AAE AUt oA 7€
g gFol v MAEZF ZA Ueh ol ZEeE A7 daeFo g AR 4 gl

Table 4.11 Paired t-test of equation (2.4) between f(R2, R4)|0in 100k dataset and 1 million dataset

absolute errorof equation (2.4)  absolute errorof f(R2, R4)|6

classification t value p value
mean (s.d) mean (s.d)
100k dataset (#=-0.529) 5819 (.4712) .5738 (.4795) 21.949  .000
1 million dataset (0=-0.472) .5863( .4695) 5793 (.4779) 65.759  .000
5. 4 &

Movielens Hlo|H 3 ee 7|vte g sto] @7 AT dae|Se] v 23} 100k HolE A%, 1
million HleJE{ ol BF 4] (2.4)9] MAEZ} 718 ZHA] vetstth. o] AL 719 Axdatet o
A5tk wEbA o] =Rl E MAES A ke daelES AlQkstr] f5te] o] 27k P54 e
A EQ £4 (2.1), (2.2), (2.3), (2.4)8 MAES} 45 BEAsle] 712 dugZ&o 71545 18
sto] dgddow n@d
million HoJE}F ol A BF
o 74 (2.4)¢8] 232 Bl

7] AT, AR AT Ak AP ATAL 100k dlolH AT, 1
4 (24)57h MAE7 242 Aoz vehgton] Al 49 dgAel o3

2
N
2
T

o A3t SAALE 7oA Aol7t Slae st o] e F3e

AST AEFNA A& FE=7 o B QS ou)siy 7129 J284 dEy gl vls) o ¢
T gag|Folet F 4 Ark =3 4 (2.1), (2.2), (2.3), (24)8] FAUTA AT A AR
FAE FAst A3} 4] (2.4) 9 g FAZT AABATL 7P =A4 vERTE A3 F75Ee
AHABAAT 52 FEFA Top N 9o AFES 9 4 J =S Top N FHA No| =277} W}
HEE A Q Top N AES AT & =S Yujgt. & AFolA Abst Ag A3 7]&
AFAFAA o] 7 T2 4 (24)Y FAHEALE BYste] o 4% AAE R A F
21 (2.4)F E8317] WiRol A3 B3] ASFAE o Y 5 IS ASE JUET o]& 2
o 33 AT E A" gagFel 9 93 FAXNAEY FHAFES Agshe Top N AFES =9l
£ 47¢ Top NoA N9 Z27]9} 3825 Top N AFES FASH: A77F 288 A= AA4H
o}
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Abstract

The purchase of items in e-commerce is a little bit different from that of items in
off-line. The recommendation of items in off-line is conducted by salespersons’ recom-
mendation, However, the item recommendation in e-commerce cannot be recommended
by salespersons, and so different types of methods can be recommended in e-commerce.
Recommender system is a method which recommends items in e-commerce. Prefer-
ences of customers who want to purchase new items can be predicted by the prefer-
ences of customers purchasing existing items. In the recommender system, the items
with estimated high preferences can be recommended to customers. The algorithm of
collaborative filtering is used in recommender system of e-commerce, and the list of
recommended items is made by estimated values, and then the list is recommended to
customers. The dataset used in this research are 100k dataset and 1 million dataset
in Movielens dataset. Similar results in two dataset are deducted for generalization.
To suggest a new algorithm, distribution features of estimated values are analyzed by
the existing algorithm and transformed algorithm. In addition, respondent’distribution
features are analyzed respectively. To improve the collaborative filtering algorithm in
neighborhood recommender system, a new algorithm method is suggested on the basis

of existing algorithm and transformed algorithm.

Keywords: Collaborative filtering, e-commerce, items recommendation, recommender

system.
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