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A Study on Improved Method of Voice Recognition Rate
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ABSTRACT

In this paper, we suggested a method about the improvement of the voice recognition rate and carried out a study on it. In
general, voices were detected by applying the most widely-used method, HMM (Hidden Markov Model) algorithm. Regarding the
method of detecting voices, the zero crossing ratio was calculated based on the units of voices before the existence of data was
identified. Regarding the method of recognizing voices, the patterns shown by the forms of voices were analyzed before they were
compared to the patterns which had already been learned. According to the results of the experiment, in comparison with the
recognition rate of 80% shown by the existing HMM algorithm, the suggested algorithm based on the recognition of the patterns
shown by the forms of voices showed the recognition rate of 92%, reflecting the recognition rate improved by about 12%
compared to the existing one.
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