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An Activity-Performer Bipartite Matrix Generation Algorithm for
Analyzing Workflow-supported Human-Resource Affiliations
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ABSTRACT

In this poper, we propose an activity-performer bipartite  matrix generation algorithm  for  analyzing  workflow-supported
human-resource dffiliations in a workflow model. The workflow-supported human-resource means that all performers of the organization
managed by a workflow management system have fo be dffiiafed with a cerfain set of activities in enacting the corresponding
workflow model. We define an activity-performer dffiliation network model that is a special type of social networks representing
affiliation relationships between a group of performers and a group of activities in workflow models. The algorithm proposed in this
paper generates a biparfite matrix from the activity-performer  dffiliation network model(APANM). Eventually, the generated
activity-performer bipartite matrix can be used to analyze social network properties such as, centrality, density, and correlation, and
to enable the organization fo obtain the workflow-supported human-resource dffiliations knowledge.
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Activity-Performer Affiliation Network Discovery Algorithm:

Input An ICN-based Workflow Model, I' = (a,p,v,4,&,7,k,1,0); /*ICNQIIERL o/
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(Figure 4) Activity-Performer affiliation network discovery algorithm
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Binary Activity-Performer Bipartite Matrix Generation Algorithm:
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