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Real-Time Head Tracking using Adaptive Boosting in Surveillance

Sung-Kwan Kang*, Jung-Hyun Lee
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Abstract This paper proposes an effective method using Adaptive Boosting to track a person's head in complex
background. By only one way to feature extraction methods are not sufficient for modeling a person's head.
Therefore, the method proposed in this paper, several feature extraction methods for the accuracy of the
detection head running at the same time. Feature Extraction for the imaging of the head was extracted using
sub-region and Haar wavelet transform. Sub-region represents the local characteristics of the head, Haar wavelet
transform can indicate the frequency characteristics of face. Therefore, if we use them to extract the features of
face, effective modeling is possible. In the proposed method to track down the man's head from the input video
in real time, we ues the results after learning Harr-wavelet characteristics of the three types using AdaBoosting
algorithm. Originally the AdaBoosting algorithm, there is a very long learning time, if learning data was
changes, and then it is need to be performed learning again. In order to overcome this shortcoming, in this
research propose efficient method using cascade AdaBoosting. This method reduces the learning time for the
imaging of the head, and can respond effectively to changes in the learning data. The proposed method
generated classifier with excellent performance using less learning time and learning data. In addition, this
method accurately detect and track head of person from a variety of head data in real-time video images.
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