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Abstract

This paper deals with a noise reduction algorithm which uses the binary masking in the time-frequency domain. To improve
speech intelligibility in noise, noise-masked speech is decomposed into time-frequency units and mask “0” is assigned to
masker-dominant region removing time-frequency units where noise is dominant compared to speech. In the previous research,
Gaussian mixture models were used to classify the speech-dominant region and noise-dominant region which correspond to mask
“1” and mask “0”, respectively. In each frequency band, data were collected and trained to build the Gaussian mixture models and
detection procedure is performed to the test data where each time-frequency unit belongs to speech-dominant region or

noise-dominant region. In this paper, we consider the correlation of masks in the frequency domain and propose a post-processing
method which exploits the Viterbi algorithm.
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