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Abstract: Chaff is a kind of matter spreading atmosphere with the purpose of preventing aircraft from detecting by radar. The
chaff is commonly composed of small aluminum pieces, metallized glass fiber, or other lightweight strips which consists of
reflecting materials. The chaff usually appears on the radar images as narrow bands shape of highly reflective echoes. And the
chaff echo has similar characteristics to precipitation echo, and it interrupts weather forecasting process and makes forecasting
accuracy low. In this paper, the chaff echo recognizing and removing method is suggested using Bayesian network. After
converting coordinates from spherical to Cartesian in UF (Universal Format) radar data file, the characteristics of echoes are
extracted by spatial and temporal clustering. And using the data, as a result of spatial and temporal clustering, a classification
process for analyzing is performed. Finally, the inference system using Bayesian network is applied. As a result of experiments
with actual radar data in real chaff echo appearing case, it is confirmed that Bayesian network can distinguish between chaff

echo and non-chaff echo.
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Fig. 1. The weather radar map and detection range.
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Fig. 2. Description of chaff echo recognizing and removal system.
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Table 1. A number of Total, chaff, non-chaff echo data for each

radar site.
golt Al|E A Aoz | v ==
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(a) Original radar image. (a) Original radar image.
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(b) Removed chaff echo radar image. (b) Removed chaff echo radar image.
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Fig. 3. Chaff echo recognized and removed images using Fig. 4. Chaff echo recognized and removed images using Naive

Bayesian network (June 28, 2012, 19:01, BRI). Bayesian network (June 25, 2012, 19:00, PSN).
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