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Abstract Social media has many advantages. It can gain latest information with real
time, be spread rapidly, easily be reproduced and distributed regardless of its form. These
advantages can result in real time predictions using the latest information, which is possible
due to the increase in social demand for more quick and accurate economic variable
predictions. In this paper we adopted ARIMAX and ECM model to predict the unemployment
rate and as a social information we used the Google Index provided by Google Trend. Also
we used News Index as a domestic social information. The process of fitting statistical model

considered in this paper can be adopted to predict various socio/economic indices as well as
unemployment rate.
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