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Abstract

In this paper, Cohen’s kappa and weighted kappa are applied to measuring classification
accuracy when performing classification in data minig. Cohen’s kappa compensates for
classifications that may be due to chance and is used for the data with nominal or ordinal
scales. Especially, for the ordinal data, weighted kappa which measures the classification
accuracy by quantifying the classification errors as weights is used. We used two weights
(linear weight, quadratic weight) for calculations of weighted kappa. Also for the calculation

and comparison of kappa and weighted kappa we used a real data set, fat-liver data.
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Table 3. Confusion matrix 1
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Table 4. Confusion matrix 2
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Table 5. Comparison of kappa and weighted kappa
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Table 6. Confusion matrix by decision tree
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Table 8. Classification accuracy for fat liver data
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