A Study on Edge Detection using Grey-level Variation of Mask Image
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ABSTRACT

The image processing has been applied to various fields along with development of visual media. The boundary parts in which brightness
of image dramatically changes are important factors in order to analysis characteristics of image because edge contains important information
and significant features. A number of researches for detecting these edges have been conducted and conventional edge detection methods using
relationship between adjacent pixels are that operation speed is superior, but the edge detection characteristics are insufficient because they use
fixed mask without considering gray-level variation. In this paper, the novel algorithm using grey-level variation of image in mask is proposed.
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Fig. 1 Local mask(3x3).

2.1. Prewitt Method
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2.3. Roberts Method
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