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Empirical Sentiment Classification Using Psychological Emotions
and Social Web Data

[1ha

Fos
L

Moon-Soo Chang

MZC etm 2 e oheta)

2 o
2 go] FAHWA 29U vl e A4 BA A7k FES W vk 44 BAL e 24 s 9% 24
Agdo] AlFEofok ek, 1E 14 AL 2e] F4ol e JEE Bk PHOR elaiE FEI o2 Fatel o7
o G4 ARHAT. B =RAE o] AW ol I/ =AY B el AEnelE FAsaA B B ey
NN FLA BHE Aokl Melohd B 27 gHoR Jolwh Teln AR 24 el AgEE gAYl RES
7] 9lste] a4 9] BliES RAse] 14 ANE FEUL FHT 4 ARE o8] 2] BHES ARFIORA 24
A % B4 AU E B B =R E o] WES Fatel 2370e) 24 AHlnelE AN B,

Abstract

The studies of opinion mining or sentiment analysis have been the focus with social web proliferation. Sentiment analysis
requires sentiment resources to decide its polarity. In the existing sentiment analysis, they have been built resources de-
signed with intensity of sentiment polarity and decided polarity of opinion using the ones. In this paper, I will present senti—
ment categories for not only polarity of opinion but also the basis of positive/negative opinion. I will define psychological
emotions to primary sentiments for the reasonable classification. And I will extract the informations of sentiment from social
web texts for the actual distribution of sentiments in social web. Re—classifying primary sentiments based on extracted sen—
timent information, I will organize sentiment categories for the social web. In this paper, I will present 23 categories of sen—
timent by using proposed method.

Key Words @ Sentiment Analysis, Sentiment Classification, Opinion Mining, Social Web, Emotion.
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Table 2. Polarity Classification of Basic Emotions
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Table 3. Polarity Classification for Plutchik’'s Emotions
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Table 4. Elements of Sentiment Information Frame
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