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e ISA (Latent Semantic Analysis) {9}

® Probabilistic Topic Model {10}

® COALS (Correlated Occurrence Analog to Lexical Semantics) {11}
e Log-Likelihood {12}

e TLog-Odds {13}

e HAL {4}

o PMI (Pointwise Mutual Information) {14}

® Vector Space Model {5}

e EM (Expectation Maximization) based Clustering {7}
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(Abstrac)

Word Sense Similarity Clustering Based
on Vector Space Model and HAL

Dong-Sung Kim

Korea University

In this paper, we cluster similar word senses applying vector space model and HAL
(Hyperspace Analog to Language). HAL measures corelation among words through a certain
size of context (Lund and Burgess 1996). The similarity measurement between a word pair
is cosine similarity based on the vector space model, which reduces distortion of space
between high frequency words and low frequency words (Salton et al. 1975, Widdows
2004). We use PCA (Principal Component Analysis) and SVD (Singular Value
Decomposition) to reduce a large amount of dimensions caused by similarity matrix. For
sense similarity clustering, we adopt supervised and non-supervised learning methods. For
non-supervised method, we use clustering. For supervised method, we use SVM (Support

Vector Machine), Naive Bayes Classifier, and Maximum Entropy Method.

Kawords : Distributional Hypothesis, Veaor Spaee Mode, HAL, Supervised/Nen-supervised Learning
Pyshdinguistics, Custaing Dinmsianality Reduaian, Capus Linguistics
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