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form
5 likert scale
5 likert scale
5 likert scale
5 likert scale

variable
atmosphere pollution
soil pollution
river pollution
sea pollution

5
6
7

Table 4.1 Variables of pollution
form

5 likert scale

5 likert scale

5 likert scale

5 likert scale

variable
sewerage pollution
noise pollution
stink pollution

waterworks pollution

1
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Table 4.2 Result of association rule (1)

no antecedent consequent support confidence
1 waterworks sewerage 35.70 94.93
2 river sea 27.01 86.26
3 waterworks river 35.39 80.13
4 waterworks sea 27.01 79.26
5 sewerage river 35.39 77.12
6 sewerage sea 27.01 74.97

Table 4.3 Result of association rule (2)

no antecedent consequent support confidence
1 atmosphere soil 41.53 90.65

2 atmosphere noise 31.60 86.01

3 atmosphere stink 36.19 85.82

4 soil stink 36.19 83.55

5 soil noise 31.60 82.40

6 stink noise 31.60 80.72

Table 4.2 & Table 4.39] dAA 732 27E A3 2 WA t}-&3} 2t} &4 Table 4.29] A% A4+ =
2, 3 E 24, 3 24, HF 299 47HA FEo) thte] FA Aol A YEUYE=E AS ¢+
9o, o] BFEL £7 edoleku F 4 9ok 3 Table 439) A9 42 24, 4 94, t17]
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Table 4.4 Result of intervening association rule

no antecedent intervening consequent confidence
1 sewerage - sea 79.26

2 sewerage river - 80.13

3 sewerage river sea 86.71
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Table 4.5 Result of k-means clustering (water pollution)

cluster cluster 1 cluster 2
waterworks 3.53 2.73
river 3.48 2.17
sea 3.50 2.37
case 6,252 1,075

Table 4.6 Result of k-means clustering (earth and air pollution)

cluster cluster 1 cluster 2
noise 3.80 2.58
stink 3.93 2.78

atmosphere 4.11 2.89
soil 4.06 2.98
case 4,036 5,959
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water pollution

good : 853
bad: 14

age

39 age under 40 age over )
good : 828 good : 894
bad: 17.2 bad: 106

health health

good [bad

good : 85.3 832
bad: 147

oo
bad 168
income

bad
good : 757
bad: 243
2,000,000 won under|

good : 905
bad: 9.5

administrate IManufacturing

good 1 765 good : 904
bad: 235 bad: 9.6

2,000,000 won over

good : 771
bad: 229

Figure 4.1 Result of decision tree model (water pollution)
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earth and air pollution

bad: 587
age
5% age under 60 age over

[ offic
good : 59.0
bad: 41.0

INCoOme 2,000,000 won under or

2,000,000 won — 3,000,000 won 3,000,000 won over
good 1416 good : 500
bad: 584 bad: 50.0

Figure 4.2 Result of decision tree model (earth and air pollution)
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Abstract

Social indicator survey can identify the state of society as a whole. When we create
a policy, social indicator survey can reflect the public opinion of the region. Social
indicator survey is an important measure of social change. Social indicator survey has
been conducted in many municipalities (Seoul, Incheon, Busan, Ulsan, Gyeongsangnam-
do, etc.). But, the result of social indicator survey analysis is mainly the basic statistical
analysis. In this study, we propose a new data mining methodology for effective analysis.
We propose a 3-step complex data mining in society indicator survey. 3-step complex
data mining uses three data mining method (intervening association rule, clustering,

decision tree).

Keywords: Clustering, data mining, decision tree, intervening association rule, society

indicator survey.
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