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A QoS-aware Service Selection Method for
Configuring Web Service Composition

Kyoung-a Yoon' - Yoonhee Kim™

ABSTRACT

To fulfill the complex user requirement, composition web service comprised of existing services is considered from the efficient and
reusable point of view instead of making entirely new web service. However, with the growing the number of web services which provide
the same functionality but differ in quality value, the service composition becomes a decision problem on which component services should
be selected such that end-to-end QoS constraints by the client and overall QoS of the composition service are satisfied. QoS of service
aspects is a determinant factor for selecting the services, since the performance of the composed service is determined by the performance
of the involved component web service. In this paper, hybrid genetic algorithm is presented to select component services to take part in
the QoS-aware composition. The local search method is used to be combined with the genetic algorithm to improve the individuals
(component service) in population as well as composed service. The paper also presents a set of experiments conducted to evaluate the
efficiency of selection algorithm using the real web service data.

Keywords : Web Service Composition, QoS-aware, Web Service Selection, Hybrid Genetic Algorithm
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Fig. 1. A QoS-aware selection process for composition service
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Fig. 2. Optimization selection method based on genetic algorithms
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G =0;
randomly create initial population = P(G)
P(G).localSearch();
P(G)=ImproP(G);
evaluate (P(G=0)) using function F(G);
While isNotTerminated() do.
P(G) = SelectIndividuals()
mutate(P(G));
P(G)localSearch();
P(G=0)=ImproP(G);
evaluate(p(G)) using function F(G);
p(G+1)=buildNextGenetarionFrom(P(G));
G=G+1;
end
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Fig. 3. Selection algorithm for composition service

localSearch()
1 randomly generate a sequence of abstract
web service 4,4, ... 4, in P(G);

2 for A;=4, to A, do

3 while each candidate web service s;; of A;do.
4 if G=0

5 S=Scaling(s;;);

6 W=Weight(S);

7 end if

8 check 84 by in the decreasing order of R
9 if W > present weight value

10 replace the candidate web service;

11 end if

12 end while

13 end for

O 4 XS B 2ha|E

Fig. 4. Local search algorithm
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