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Regulatory Focus Classification for Web Shopping Consumers
According to Product Type
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ABSTRACT

According to consumer behavior theory, human propensity can be divided into two regulatory focus types: promotion and prevention.
These two types have much influence on the consumer’s decision in many diverse areas. In this research, we apply regulatory focus
theory to personalized recommendation to minimize the cold start problem and to improve the performance of recommendation algorithms.
To achieve this goal, we extract the consumer behavior variables and information exploration activity index from web shopping logs. We
then use them for classifying regulatory focus of the consumer. This research has the contribution to show the possibility of
systematization of consumer behavior theory as an interdisciplinary research tool of social science and information technology. Based on
this attempt, we will extend the research to IT services adapting theories on other areas.

Keywords : Regulatory Focus Theory, Product Type, Classification, Personalization, Web Shopping Log, User Modeling,
Information Exploration Activity Index
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Measure All Variables Imp(_)rtance Proposed Model
>=0.95
Accuracy 59.33% 52.31% 63.40%
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