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Pattern Classification of Retinitis Pigmentosa Data
for Prediction of Prognosis

¥
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ABSTRACT

Retinitis Pigmentosa(RP) is a common hereditary disease. While they have been normally living, those
who have this symptom feel frustration and pain by the damage of visual acuity. At the national level,
the loss of the economic activity due to the reduction of economically active population will be also greater.
There is an urgent need for the base study that can provide the clinical prognosis information of RP
disease. In this study, we suggest that it is possible to predict prognosis through the pattern classification
of RP data. Statistical processing results through statistical software like SPSS(Statistical Package for
the Social Service) were mainly applied for the conventional study in data analysis. However, machine
learning and automatic pattern classification was applied to this study. SVM(Support Vector Machine)
and other various pattern classifiers were used for it. The proposed method confirmed the possibility
of prognostic prediction based on the result of automatically classified RP data by SVM classifier.
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