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ABSTRACT

In this paper, we propose a fast fractal image coding algorithm to shorten long time to take on fractal image encoding. For its
performance evaluation, the algorithm compares with other traditional fractal coding methods. In the traditional fractal image coding
methods, an original image is contracted by a factor in order to make the corresponding image to be compared with. Then, the
whole area of the contracted image is searched in order to find the fixed point of contractive transformation of the original image
corresponding to the contracted image. It needs a lot of searching time on encoding. However, the proposed algorithm considerably
reduces encoding time by using scaling method and limited search area method. On comparison of the proposed algorithm with
Jacquin’s method, the proposed algorithm is dozens of times as fast as that of Jacquin’s method on encoding time with a little
degradation of the decoded image quality and a little increase of the compression rate. Therefore, it is found that the proposed
algorithm largely improves the performance in the aspect of encoding time when compared with other fractal image coding
methods.
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Fig. 1 Fractal coding
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Table 4. Performance comparison between proposed
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