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Development of Personalized Recommendation System
using RFM method and k-means Clustering
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Abstract

Collaborative filtering which is used explicit method in a existing recommedation system, can
not only reflect exact attributes of item but also stil has the problem of sparsity and scalability,
though it has been practically used to improve these defects. This paper proposes the personalized
recommendation system using RFM method and k-means clustering in  u-commerce which is
required by real time accessablity and agility. In this paper, using a implicit method which is is
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not used complicated query processing of the request and the response for rating, it is necessary
for us to keep the analysis of RFM method and k-means clustering to be able to reflect attributes
of the item in order to find the items with high purchasablity. The proposed makes the task of
clustering to apply the variable of featured vector for the customer’s information and calculating of
the preference by each item category based on purchase history data, is able to recommend the
items with efficiency. To estimate the performance, the proposed system is compared with existing
system. As a result, it can be improved and evaluated according to the criteria of logicality through
the experiment with dataset, collected in a cosmetic internet shopping mall.
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- OS: Window XP
- Web Server: Apache HTTP Server Version 2.2.8
/ WAP 2.0
- XML/WVL2.0/HTML/XHTML/CSS2/JAVASCRIPT
- Server-Side Application JSP/ PHP 5 Version
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- Java 2 SDK, SE 1.4.2 08 - http://java.sun.comy
- Tomcat 50.28 - http://jakarta.apache.org/
- http//www.mysql.comy/products/mysal/
- MySQL Connector/J 3.0
- http://www.mysql.com/products/connector/j/
- http//wh.mysal.com/ - workbench
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