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Improved Internet Resource Recommendation Method using FOAF
and SNA

Qing Wang" - Jong-Soo Sohn™ - In-Jeong Chung™"

ABSTRACT

In recent years, due to rapidly increasing user—created internet contents coupled with the development of community-based websites,
the internet resource recommendation systems are attracting attentions of the users. However, most of the systems have failed in properly
reflecting users’ characteristics and thus they have difficulty in recommending appropriate resources to users. In this paper, we propose an
internet resource recommendation method using FOAF and SNA which fully reflects the characteristics of users. In our method, 1) we
extract the data about user characteristics and tags using FOAF; 2) we generate graphs representing users, user characteristics and tags
after inserting data into 3 matrixes and integrating them; 3) we recommend the appropriate internet resources after selecting common
characteristics of the recommended items and Hot tags by analyzing social network. For verification of our proposed method, we
implemented our method to establish and analyze an experimental social group. We verified through our experiments that the more users
added in the social network, the higher quality of recommendation result we got than the item-based recommendation method. By using
the suggested idea in this paper, we can make a more appropriate recommendation of resources to users while effectively retrieving

explosively increasing internet resources.

Keywords : Social Network, Social Network Analysis, Internet Resource Recommendation Method, FOAF
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Cp(web) = 51

Cp(google) =0.14 , Cp(movie) = 0.14
Cp(photo) = 0.21, Cp(tv) = 0.21
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|tag|+|actor| 6+5
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Cp(music) = 6,
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1 Brajeshwar 364 4 0.005

2 Tuluum 246 9 0.037

3 Riverred 118 1 0.009

4 aries_hu 270 4 0.015

5 jamieolender 118 4 0.034

6 askjimcobb 182 3 0.016

7 valeriovillari 70 1 0.014
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