oE ZEs 0l8d mMEIZ 2H =91 27

http://dx.doi.org/10.3745/KIPSTB.2012.19B.1.027
o) o) = — - =
e 2YE o] &% JE E HH F9

2t + = T+
2l o H'.2Zl 2 oM.zl g =

(=] of
A9 ol A=A 83HE HE N2A s T Shh EAAT A delelol sel A Ba) A7) ofEIAE serst
£ ootk ¥ wRelAE g AA B Jwe] 29 /M el BEE A4 2R E90 89 2% 29 Asdel T dha)
A9AL, A5 B A% A7) NS 2090 ol -gE 4 Aol Rlst 23 B9 048 1A $e LIS WI AP
Bal, A4 2R B BHAY) AR 49 o] mdlo] e B 299 A% AHA mgo] B 5 9ee nald

 BEHAYN, 22 59| AlAY, &S 2, Ho|x T

E

n
_t,=_
m
iy
T3]
m

Particle Filter Localization Using Noisy Models
In-Cheol Kim" - Seung-Yeon Kim™ - Hye-Suk Kim™

ABSTRACT

One of the most fundamental functions required for an intelligent agent is to estimate its current position based upon uncertain sensor
data. In this paper, we explain the implementation of a robot localization system using Particle filters, which are the most effective one of
the probabilistic localization methods, and then present the result of experiments for evaluating the performance of our system. Through
conducting experiments to compare the effect of the noise—free model with that of the noisy state transition model considering inherent
errors of robot actions, we show that it can help improve the performance of the Particle filter localization to apply a state transition

model closely approximating the uncertainty of real robot actions.

Keywords : Particle Filter, Uncertainty, Robot Localization System, Noisy Model, Bayes Filter
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