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Design of Neural Network Controller Using RTDNN and FLC
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Abstract
In this paper, We propose a control system which compensate a output of a main Neual Network
using a RTDNN(Recurrent Time Delayed Neural Network) with a FLC(Fuzzy Logic Controller)After a
learn of main neural network , it can occur a Over shoot or Under shoot from a disturbance or a load
variations. In order to adjust above case, we used the fuzzy compensator to get an expected results. And the
weight of main neural network can be changed with the result of learning a inverse model neural network of
plant, so a expected dynamic characteristics of plant can be got. We can confirm good response characteristics of

proposed neural network controller by the results of simulation
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Fig.l. TDNN in Neural Network Controller
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Fig.2. Inverse Neural Network

2 =FdAEe ¥§5E n, 2" 45 o2 247 049
072 dAstdct. x(n), h(n), ¥(n)e 27 Y= §F
d#, 2493 wHd, 9% vEdE Yy Wyn)e 1

WA AF23 A Y EAole HEA, Wy ivlA
euz kdA U349 AFAS YU,

grd 477 139 29 RTDNNE Agstgon, 7
2oz AZWANTG FoPe ¢ir). dmd AFRe
ARG Ao A1E A (), NEUES 17 A
An—1), 712999 24 A Hn—2) 22 FA
Aeliatel el 134 A uy(n—1), HA9 Aojrha
o el 23 A u(n—2) WAl @A) Aol ch4

Hel 134 Ad u,,(n—1), AAT Aojr)g Aoj=g e
22k AQ sypun—2)2 o1 §ste] AAG Hoir|e] A&

A 4, ln)s S8

4
15

ﬁﬁf H3Y
18H)

o et

I¥3. FLCE o3¢ SAERRY A=

Fig.3. Learning Structure of The Plant Inverse
Model Using FLC
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Fig.4. FLC Structure
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Fig.6. Structure of Neural Network
Controller with The Fuzzy Compensator
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Fig.7. Response of The RTDNN Controller with Fuzzy
Compensator(2) and TDNN Controller (1)
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