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Comparison of Initial Seeds Methods for K-Means Clustering
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ABSTRACT

Clustering method is divided info hierarchical clustering, partfitioning clustering, and more. K-Means algorithm is one of partitioning
clustering and is adequate fo cluster so many documents rapidly and easily. It has disadvantage that the random initial centers cause
different result. So, the better choice is fo place them as far away as possible from each other. We propose a new method of
selecting inifial centers in K-Means clustering. This method uses friangle height for inifial centers of clusters. After that, the centers are
distributed evenly and that result is more accurate than initial cluster centers selected random. It is time-consuming, but can reduce
total clustering time by minimizing the number of dllocation and recalculation. We can reduce the time spent on total clustering.
Compared with the standard algorithm, average consuming time is reduced 38.4%
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