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Abstract

This paper presents a method for the identification of “edge observations” located on a boundary area
constructed by a truncation variable as well as for the identification of outliers and the after fit of multivariate
skew t-distribution(MST) to asymmetric data. The detection of edge observation is important in data
analysis because it provides information on a certain critical area in observation space. The proposed method
is applied to an Australian Institute of Sport(AIS) dataset that is well known for asymmetry in data space.
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Figure 3.1. Results of Identification of Outliers and Edge Observations (<Symbols> black (O: observations, red
A: outlying observations, blue [J: edge observations, contour: fitted density).

Table 3.1. Estimates of parameters and 4, and Z; for a few observations

Parameters I 2 w% w12 wg v 01 1P

Estimates 19.56 16.98 3.11 7.94 28.39 75.30 2.92 -0.11
Outlying Obs. 75 56 70 53 63
Female Qg 0.87 0.89 0.94 0.95 0.95
Edge Obs. 50 94 5 86 37
Z; 0.16 0.18 0.19 0.19 0.20

Estimates 21.82 5.78 2.22 0.08 0.02 3.63 8.80 23.00
Outlying Obs. 60 63 84 78 82
Male on 0.13 0.14 0.17 0.20 0.22
Edge Obs. 42 56 72 69 55
Z; 0.03 0.03 0.05 0.06 0.08
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