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A Study on Efficient Facial Expression Recognition System for Customer
Satisfaction Feedback

Min-Sik Kang™*

ABSTRACT

For competitiveness of national B2C (Business to Customer) service industry, improvement of process and
analysis focused on customer and change of service system are needed. In other words, a business and an
organization should deduce and provide what kind of services customers want. Then, evaluate customers’
satisfaction and improve the service quality. To achieve this goal, accurate feedbacks from customers play an
important role; however, there are not quantitative and standard systems a lot in nation. Recently, the researches
about ICT ( Information and Communication Technology) that can recognize emotion of human being are on the
increase . The facial expression recognition among them is known as most efficient and natural human interface.
This research analyzes about more efficient facial expression recognition and suggests a customer satisfaction

feedback system using that.

Key words : B2C(Business to Customer), Customer Satisfaction Feedback, ICT(Information and
Communication Technology), Facial Expression Recognition
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