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A Reranking Method Using Query Expansion and PageRank Check
Tae-Hwan Kim' - Ho-Chul Jeon™ - Joong-Min Choi™"

ABSTRACT

Many search algorithms have been implemented by many researchers on the world wide web. One of the best algorithms is Google
using PageRank technology. PageRank approach computes the number of inlink of each documents then ranks documents in the order of
inlink members. But it is difficult to find the results that user needs, because this method find documents not valueable for a person but
valueable for the public. To solve this problem, We use the WordNet for analysis of the user’s query history. This paper proposes a
personalized search engine using the user’s query history and PageRank Check. We compared the performance of the proposed approaches
with google search results in the top 30. As a result, the average of the r—precision for the proposed approaches is about 60% and it is
better as about 14%.

Keywords : WordNet, Personalized, Information Retrieval, PageRank
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intelligence 38 5 11 30 2 14 100
total 606 35 244 386 46 183 1500
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intelligent network 60 4 1 25 1 9 100
representation method 90 3 2 1 0 4 100
total 590 32 39 112 54 173 1000
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