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ABSTRACT

Co-citation means that two or more studies are cited together by a later study. This paper
deals with the relationship between co-citation and author disambiguation. Author
disambiguation is to cluster same-name author instances into real-world individuals. Co-citation
may influence author disambiguation in terms that two or more related research works
performed by the same person may be co-cited by some later studies. This article describes
automated steps to gather co-citation information from Google scholar, and proposes a new
clustering algorithm to effectively integrate co-citation information with other author
disambiguation features. Experiments showed that co-citation helps to improve the performance

of author disambiguation.
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vs. MAHE JHHIE 4=

cation) 2 E3lsto] X |kt WA 2 AR}
% WAl t-83k= TPE TF-IDF 715415
ARRSh= gof WEl2 T3 T, Yoo &
TPE] FARI §AKES AXFst] TP 2Hd &
APER ARESISITE TPO] HE] maof A=
Boled =wAET AAAY W B2l
ol =805 AlASHL ZH2H WS 483t
ZEolth
a3 Al AEES Feke A4 A
H fAbE 42412 ot Zom Kang(2010)
o] ARgRE o|XAYTFE PRSI’ Aojr}

K
EntitySim(e;, e)) =& <(Z (‘)‘(F'euturesimk(e,,el) = Hk)) = T[)
k=1

9] #4247
e eell el AAA O«
FeatureSimi(e;, €)S ZH= AF2Q] 427} no|A}t
A ) 19] FARES 23A] ok A9 02
Hofgitt. 6(p)= A p7h Frolw
W09 s A=s

H ]_xlg Zr=

ey
1, AAlo]
A oj=r}, Kang(2010) 9]
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A= A n9lAlef 0 22 19] e 1A
gt aeAfo] ARGERITE 19 2 A RS
5 U2 3 A 2 ATl fAREA
Apgell dishMt Fa25 AP HEg =&
AerET e Adee] AR des 2
Zlolek, 1 Wit = Ahe 19 g2 AMShe 7
T S AREY w2 AdeS 2Y Aotk
EL e AES 43S Ak
sfefn|e 7k A GARE QAR O

ARG ANAPEE] FAREZE AR 0% 19]
U= 2= WA bl FaE sk AL
2 Jg=s wEal ofF BFC-daeES 4
Boto] AR L& skl (R3S 1
ZAitolr}. Pereira(2009) = £ @712] H7HA|
Eo} A9 dAJsh= HlolEAIES AR A
oA s HE HlolEAES] Hxke o)
ol YA AukE Bl ARgske dAE

103] wrEstel HAC, KWAY, SVM, WAD
Zk 719 9] AMAAE Hot
(G 5) F=x). 2 Ao A= Pereira®] 4]

A5e Bkt

2 ujet AE A= A doleiES B

3 ol 24 stetulgghe AHgstol, BFC-

r
(o3

Sk AXE 103] BhEsto] Bt A2 Al
shlch el S HAE A7) fls) A%
O1p2] 7% 21201, 02, -+, 094, 6c:2] ¢
L2+ 100 G52 7+ x3hol| dhel] 3k dle]
EX|Eo] BFCE 285kl il F19 k& 7F

+ i 23S AEskgi)

(3 3)o]A] wjo] Al (Baseline)-> T

(Single linkage) A=Y 3ol st
o} BEC= Hjo]azielo] Bl w2 HeEs
Hol & ofe} FAIIEAE Y AR E Y S
e AEE aabdos AYsial S o
4= QJt}. o= BFC w13} #of|A] |
O AME ] AAES} BRiE o

W AZES 23 Aol) Fud 54
Pz

m£
2

—|‘

m

czif
S

OH A 24N = 1Y Jdd 54
ARRBRs W72 (Average linkage), 94

ZAH (Complete linkage) 5% BFC} i

(H 3) MAHE Ms (Co: BXAL TP: ==2XMIZ/AMKIE, Ci: SAIRIE)
Method Rec. Pre. F1 Parameters (1=1, 6co=1)
Co 0.4330 0.1365 0.2075
Baseline Co+TP 0.4583 0.1348 0.2083 Orp=0.61
Co+TP+Ci 0.5055 0.1378 0.2166 Orp=0.67, 6c;=6.9
Co 0.2310 0.5266 0.3211 A=0.34
BFC Co+TP 0.2842 0.5028 0.3631 Orp=03, A=03
. 0.4200 0.6003 0.4942 _ PN
Co+TP+Ci (478%) (19.4%) (36.1%) Orr=0.33, 6ci=1, A=0.33
4) MXAE M X2 YUHEOZ pairwise F10] AFREICKMcCallum, Nigam, and Ungar 2000).
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25 A B2E A
Zk(centroid, average 5)& AMESIER
TFolAe] 25 A HEobe
2 o 28T vaske FAE o] A7
S Hlojdrh

(Gt Dol|A] FARF AT AMEEE BFC A
A2 Fl A5 A/ AR, SA
QRAAEL 2713} i AZH O Tk
ot 53] FAAEAEY ARE(Cot+TP+Ci) 2
7l& AR (CO+TP)°ﬂ 74kt A 2pAd

(E 4 1474 2 XXt=Hol

7oz A Gupta®l Y Chens A|9Jst e A
Apgol thel SAIQIEAEE A2 20% ol
O Ae S 7SI of2fdt Ak AR
oA dadt gt AFARY A TS ofF
AFollA FAl QEHT 2 7HE S A4S
+ ZAio|th

(Od 5& sAREAE] Ads, JekE
off = Gk 7 ARl sl =4kt
ook I SAQIEAS] 7= e

o] B ARpge] thsl s Helk 11
U e B ARl st durEAl Y
7] ¥kt o= A 147 ARy
Hatd) FEEE 194% FEAEECGE 3

B, ol A Aol 2 U AxpE A

| CHet MAMAE dsit SARISAES] @72

BFC (Co+TP+Ci)
Name Error rate (%)
Rec. Pre. F1 Improv.,

A Gupta 0.4608 0.6724 0.5469 0.4% 12.05%
A Kumar 0.2223 0.9242 0.3584 40.2% 2.86%
C Chen 0.2889 0.6366 0.3975 46.1% 15.43%
D Johnson 0.6434 0.7492 0.6923 35.4% 745%
J Lee 0.4557 0.2118 0.2892 19.7% 14.15%
J Martin 0.4459 0.8439 0.5835 40.8% 1.14%
J Robinson 0.5836 0.9793 0.7314 295% 1.00%
J Smith 0.5563 0.8893 0.6845 81.8% 6.14%
K Tanaka 0.3210 0.9681 0.4821 23.3% 0.57%
M Brown 0.6737 0.9374 0.7839 32.3% 3.719%
M Jones 0.6789 0.9649 0.7970 39.4% 0.75%
M Miller 0.5992 0.9654 0.7395 33.7% 0.22%
S Lee 0.2569 0.3290 0.2885 22.6% 20.85%
Y Chen 0.2334 0.6519 0.3437 1.0% 10.89%
Total 0.4200 0.6003 0.4942 36.1% 9.53%

5) N(odl: 14)7H

Soy KR A el et MM MS(HEE

L MBS, F1)2 2 XX JHA EEE el

N7H MsE9| WHS F5H= macro—averagingdh 2+ XAHH 7H7<1| T LHollM Helzl= 2olo| THAPY THelo|
M=2 J151= micro—averaging HHAI0| QIO UHIEMOZ SXIo| TWHES AASICE
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Recall

na O CoTP

0.8
o7
0.6
0.5
0.4
0.3
0z
0.l

—O— Co+TP+Ci

Precision

--C0r- CotTP

—O— CodTP+Ci

N O R

nE

R L E P RS
=10 1S Ak B, A%
o AR FE2ZT BAUSG R 28
L % 9537570 ARE AR 2 953% (2419
Aol alEretct. 2 o) 241970 7 AL
HrES] B 71Eow A FEolel

Bolth. (i D olefF 078 444 7]

1. Sosonkina, M., Allison, D., Watson, L.
implementations. Parallel Algorithms and Applications, 17(4):

(2002).

Zo AN ek e vot
Lee, S Lee, Y Chen} -
) ARIEL FHolole] A 2ut 5
Al 188 7154 ((E 49| A Error rate) &
FoA EAO1EAE A ow o3t &
AEHES AR okt At @
7o A o= offe] T =2 2H, 3 ==
2 A 18} AR 24, 391 d=gio] 5
A2 A, Gupta”oll ok AHA AA1E
& AZ TS ARl o] 739 24, 39 =%

| EAILEAR 7]

7wt

=7
F27F FAEAE ol &7 PA0|HR
SF ApgoflA 25 A AE

=7 =i 1 23 HekEe AshAIoh

T

Scalability analysis of parallel GMRES
263-284.

2. Gupta, A., Kumar, V. (1995). Performance and scalability of preconditioned conjugate

methods on parallel computers. IEEE Trans. Parallel and Distrib. Systems, 6: 455-469.

3. Singh, J., Hennessy, J., Gupta, A. (1993). Scaling parallel programs for multiprocessors:

methodology and examples. IEEE Computer, 7: 42-50.
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tion) 2] A% (Pereira et al, 2009)2 7Fd& 0.

..............
....................

1 2 3 4

QY 6 SARIAY 2@

= HE A A4 0|

OFz: ARG AR AR A QA AN A4 25 AR

6) G2 XAIHO| MAtAIE HATAM= MXHZE BEQ| HHMME 1250 firstname initialt} lastname0| ZE!
=]

= oS X|x MXIEC| HElZ TSHHHan et al. 2004).

- 183 —



(B 5) MXtAlE Ms H|w (Pereira et al. 2009)

Method HAC KWAY SVM WAD BFC
F1 0.46 0.36 0.66 0.84 0.49
Features PPLW 7| MR e 7| 2R g PPLW Co+TP+Ci

2 vlustiey. HACeF WAD= 7HAK A

= AN Sl Y AEBERLAE P
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