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A Rating Range-based Prediction Method
for Collaborative Filtering Systems

Soojung Lee'
ABSTRACT

Recommender systems, which predict and recommend items that may possibly draw users’
interests, have been applied in various fields as e—commerce systems are widespread. Collaborative
filtering, one of the major methodologies of recommender systems, recommends either items similar
to those preferred by the user, or items preferred by the other similar user. Therefore, two
problems determine its performance; one is correct estimation of similarity and the other is
predicting the real rating of the recommended item. This study addresses the latter problem.
Previous studies predict the real rating based on the mean of the ratings, but this study proposes a
prediction based on the range of the ratings and investigates its performance through experiments.
As a result, it is demonstrated that the proposed method improves the mean absolute error
significantly, compared to the previous method.

Keywords : Recommender System, Web Personalization, Collaborative Filtering, Similarity
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