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ABSTRACT

It is necessary to accurate and efficient management for measured digital data from sensors in u-health
system. It is not efficient that sensor network process input stream data of mass storage stored in database
the same time. We propose to improve the processing performance of multidimensional stream data
continuous incoming from multiple sensor. We propose process query based on sliding window for efficient
input stream and found multiple query plan to Mjoin method and we reduce stored data using

backpropagation algorithm. As a result, we obtained to efficient result about 18.3% reduction rate of
database using 14,324 data sets.
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Table 1. Measure Result of Error Rate by Window Size
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