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Handled in real-time tracking of moving object occlusion
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ABSTRACT

Generally, moving object tracking used Lucas-Kanade feature tracking method which is strong in
movement, rotation and size. But this method is very weak of occlusion by background or another object
and so on. In this case, this method tracks backgrounds or another objects instead a moving object, or a
tracking is finished. In order to solve this problem, we proposes Lucas-Kanade feature tracking method
which introduce a destimation function and prediction function.
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