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A Study on the Implementation of SNS Message Classification by
Emotion Factors

Jae-Young Kim, Myung-Gwan Kim

2 o Hz
9Ich SNSE ol §5h

SNS7H FAshl st gl ge
el ARGAES A1 A3
B APoE A el 2 848 o8
OMLS(Ocean-Monmouth Legal Services)ol = 7
o]-gsto] o]Fol3rh

AHgAS] o] SNSE shito] ThE ARUALM uiAR AHEs
Aol wsks EEshs Suko
g3fe] A =
P o1 olgstel =3

2 SNSE o3t gk ol
Ag RS ZRaYe RSt @Y AR e

= wr o
Roget)9] A|AE 29} QJ=Yl(WordNet)S

Abstract SNS is growing by leaps and bounds, and many users of SNS are using by a medium of communication.

Using SNS users are using means of their own news and the change of emotional expression. In this study

using emotional elements to the program was implemented to classify the message. Extraction of emotional

elements were used for emotional vocabulary in OMLS (Ocean-Monmouth Legal Services). Emotional elements
were extended by The Roget of the thesaurus and WordNet.
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Table 2. OMLS Emotion Words

serene, complacent, promise, trust, desire,

Happy fortunate, favored, golden rosy, pleas,

delight, wish, care, like, flatter....

devastate, destroy, ruin, waste, desolate,
Sad ravage, scourge, overwhelm, sweep over,

whelm, overcome.....

angry, furious, raging, tempestuous, wild,
Angry strangle, strangulate, throttle, smother,

stifle, muffle

fright, affright, intimidate,
awful, dire, direful, dread, dreaded,
dreadful, fearful, fearsome, frightening

restrain,

Scared

throw, fox, befuddle, fuddle, bedevil,

Confused contract, press, constringe, narrow,

trouble, confound, flurry
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