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In this paper, we propose the MA(Model Adaption) HMM that to use speech enhancement and feature

Abstract

compensation. Normally voice reference data is not consider for real noise data. This method is not to use

estimated noise but we use real life environment noise data. And we applied this contaminated data for

recognition reference model that suitable for noise environment. MAHMM is combined with surround noise when

generating reference patten. We improved voice recognition rate at mobile environment to use MAHMM.

: Voice Recognition, HMM, Noise Cancel
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