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Abstract Recently, due to people's incontinent use all over the world, fossil fuels such as coal, oil, and
natural gas were nearly to be exhausted and also causes serious environment pollutions. Therefore, there is a
strong need to develop solar, wind, hydro, biomass, geothermal to replace fossil fuels to prevent suffering from
above problems. Wish advances in sensor technology, such data is collected as a kind of stream data which
arrives in an online manner so that it is characterized as high- speed, real-time and unbounded and it requires
fast data processing to get the up-to-date results. Therefore, the traditional data processing techniques are not
fit to deal with stream data. In this paper, we propose a kalman filter-based algorithm to process renewable
stream data.
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