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ABSTRACT

A collaborative filtering(CF) is the most widely used technique in recommender system. However, CF has sparsity and scalability
problems. These problems reduce the accuracy of recommendation and extensive studies have been made to solve these problems, In this
paper, we proposed a method that uses a weight so as to solve these problems. After creating a user-item matrix, the proposed method analyzes
information about users who prefer the item only by using data with a rating over 4 for enhancing the accuracy in the recommendation. The
proposed method uses information about the genre of the item as well as analyzed user information as a weight during the calculation of
similarity, and it calculates prediction by using only data for which the similarity is over a threshold and uses the data as the rating value of
unrated data. It is possible simultaneously to reduce sparsity and to improve accuracy by calculating prediction through an analysis of the
characteristics of an item. Also, it is possible to conduct a quick classification based on the analyzed information once a new item and a user
are registered. The experiment result indicated that the proposed method has been more enhanced the accuracy, compared to item based, genre
based methods.
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Table 1. item user matrix
genre gender age job 112 (3|4 |56 | |14]|15]|16|17]18
1 G3-1 M A6 lawyer 4 | 4 1 4 |5
2 GI-1-9 M A4 none 3
3 Gl4 M A4 none 4
4 G1-3 M A6 lawyer 3 5 4
5 G5-1-2 F A6 salesman 3
6 G7 M Al2 healthcare 5
7 G7-5 M A4 none 4 2 5 1 5 4
8 G3-1-1 M A7 artist 4 | 5 | 5 5 5
J
15 G7 F Al3 technician 5 3 5
16 G4-6 M Al2 lawyer 5
17 G1-3 M A4 none 3 4
18 G7 M Al0 technician 4 1
19 G7 F A9 libraian 5 3 4
20 G7-4 F Al4 libraian 4 3
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Algorithm ComputeItemSimilarity
Input : item user matrix;
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1 fori=1ton{
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Algorithm CreateltemPrediction

Input : item user matrix; similarity threshold : s-t/;
P, ;threshold : p-th;

Output : Predicted Rating Value P, ; user_matrix

1 fori=1ton{

2 ifsim(ij) = s-th then

3 select neighbors of each items;

4 endif

5 compute the P, ; using formula (5)

6 it P,; = p-ththen

7 insert predicted value of rull rating item into Matrix
8 end if

9 end for
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Fig 3 Compute Similarity of item and
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Table 2. Fill prediction of item

112]3]4]5]6]-|14]15]/16]17]18]19
1 139 414 R 415 3
2 3
3 |4
413 5 4
5138
6 |5
7 14 215 1154126
8 4.8 415 5 515

J

1515 3 5 4
1713 4 3.1] -
18 | 4 1 1
19153 4 3
20 | 4 3 2.3
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