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T2l 7. The unconfined compressive strength with variation of input parameters (Parkt Kim, 2010)

foam), W15 waste fishing net) O& 0] 912 SIE AT AR A& Hset—up X relaxation &
W, SE RS IR MEREH: S0 A B ) S e U2 ORS00 HE AE0] d3kg WA,
AR B8 7hsditt ATARE2 RIS ARENE OeiSt FERIARE 7ol 80 oaee AHstA 7
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