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(A Study of Face Feature Tracking and
Moving Measure Devices)

o0& s o0 g3, iy
(Jeong—Hee Lee, Young-Hee Lee, Eui-Young Cha)

Abstract : This paper proposes facial feature tracking based on modified ART2 neural networks.
And we also suggest new measurement devices such as 'Persistence Exponent' and 'Moving
Space Exponent' for the criterion of input vector which consists features. The proposed
methods have been applied to classify 48 students by 2-class (ADHD positive, ADHD negative).
The results of the experiment have shown that the proposed methods are effective for ADHD
Behavior Pattern Classification based on the Image Processing.
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Fig. 1. Proposed system of ADHD classification
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Fig. 2. Images before and after block

Fig. 3. Images from block segmentation(complex
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