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Abstract

These days, the research of a sensor data management system for USN based real-time
monitoring application is active thanks to the development and diffusion of sensor technology. The
sensor data is rapidly changeable, continuous and massive row level data. However, end user is
only interested in high level data. So, it is essential to effectively process the row level data which
is changeable, continuous and massive. In this paper, we propose a sensor data management
system with multi-analytical query function using OLAP and anomaly detection function using

learning based classifier. In the experimental section, we show that our system is valid through
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