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Real-Time Implementation of Wireless Remote Control of Mobile Robot

Based-on Speech Recognition Command

Byoung-Kyun Shim*, Sung-Hyun Han'

Il Abstract

In this paper, we present a study on the real-time implementation of mobile robot to which the interactive voice recognition
technique is applied. The speech command utters the sentential connected word and asserted through the wireless remote
control system. We implement an automatic distance speech command recognition system for voice-enabled services
interactively. We construct a baseline automatic speech command recognition system, where acoustic models are trained
from speech utterances spoken by a microphone. In order to improve the performance of the baseline automatic speech
recognition system, the acoustic models are adapted to adjust the spectral characteristics of speech according to different
microphones and the environmental mismatches between cross talking and distance speech. We illustrate the performance
of the developed speech recognition system by experiments. As a result, it is illustrated that the average rates of proposed
speech recognition system shows about 95% above.

Key Words : Voice Command(-2-4J4 &), Remote Control(g A #o7), Wireless Communication(-7-418-41), Voice Recognition Algorithm
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