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Stock Price Prediction Based on Time Series Network

Kanghee Park** - THyunjung Shin***

B Abstract =

Time series analysis methods have been traditionally used in stock price prediction. However, most of the existing
methods represent some methodological limitations in reflecting influence from external factors that affect the fluctua-
tion of stock prices, such as oil prices, exchange rates, money interest rates, and the stock price indexes of other
countries. To overcome the limitations, we propose a network based method incorporating the relations between
the individual company stock prices and the external factors by using a graph-based semi-supervised learning
algorithm. For verifying the significance of the proposed method, it was applied to the prediction problems of company
stock prices listed in the KOSPI from January 2007 to August 2008.

Keywords : Semi-Supervised Learning(SSL), Stock Price Prediction, Data Mining, Technical
Indicators(Tls)
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