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tlolEuto]d (data mining)-> TS ¥ dlo]8] Kol A =ubA] ghe 7838 FHE Zoh)
+ 7o 2 A A Z AR (decision tree), AF/d32] (association rule), FHEA (clustering), Al
47 4 (neural network) 52 7ol it wlelguteld 71y F sl AL B Ao
o, B Aol ABATFAL J1ee) tlolEE S W flo] Aol Folsil ALE 7153t
e BRE AT Aot AN el 21, MR Ade] govl, B8d E39 2740 olgle 5

i

Aol 2+ #59] jol 2 B33 offivks & 8t ZEA 2 YTk 22y ol st D= S-St
3 F 2572 A AR (support), AF T (confidence), TFHT (lift) S ]85t HE3| X3}
2 e

FogR T 7 ol4de] 5 BHAAE BTt 7] w2 FPolA wo] E8EH

AHA 7 AL Agrawal 5 (1993)°] o3l A5 2NH o]F ARJGTALY EE&4S M8 Ast
o o 71A AF 719 AFAGFEHL] A7) EelA A= T ). Agrawald} Srikant (1994)2
Apriori, AprioriTid €2 8&& AFIRL Park 5 (1995)2 partitioning G e]E5S ALt
Toivonen (1996)-2 sampling ¢ 8]&S A9+l 21, Cheung 5 (1996)2 FUP (fast update) &3l
gl st AT1E P th.Sergey 5 (1997)9] 2] DIC (dynamic itemset counting)52] ¥HAH &
1EEE] 75U Saygin 5 (2002)> EHH M = vlojEHE HEe| Fgo=z EHi]/\]?]_TL olu]
9 HAA AT} H A=) Hels 2AHEA neds FE o] £2 Zo] WS Aok
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o} T3t Parkd} Cho (2006a, 2006b), Cho$} Park (2006), Kim¥} Park (2008), Lee&} Park (2008)
Soll &ate] Ak 71N ARG A ] A7F AP v Ark
dulA o7 = el FHMgo] U AT AEAS EATS o), R —’FOﬂ ofste] I A=A
| ARAez FovelA] b= B9 TAE 5 ok 53], FHAT} S5 Aol iz
(intervening variable) 7} €A et 2, 7Rl o3t SR, & %—’T—PJ AL BEA I
otd Ao Aol Ark. SYHASL} FHAUS Afolof] iARST} 9= Zle s AdHH SYPUset FE5
2r AAA FEAYRTI= 7HE A uramg | ashes Aol uiEAsitt. ABAFR F] A, 5 B2
RS AAE 5 e, o5 F v (e FH oIy wizfde Sste] s 1] AR A #-
dol e AR A & 5 vk W AAE 43 oA JFHS (antecedent variable) 9F £
H4 (consequent variable) Abolof] W7 M7 AT Fp-, AA R wi7fHo] osto] A Ao} &
S A FEAET de AR B 5 Ark 28EE JAFgise S Ao s

]
J}n m°l'

the B $guse] Beigel shajol o WP stel, APUS FYULY FHE 2 u)}
Rtk 2 4 9tk olo] & =Roldt Avy 7o) o A4Y FAS 5 WSS 70 WA B
£ shestel ofu] gl FAL AT & 9 el vhistel AT Bk B A7) Ak A4
A FA0] ek W4S e BAYS Bk BHekn B ols T & o), gl gl FHAL A
T 4 gl Bt ohUet AR Ao NS urk B T 5 e

B e 28 AL o 24 Wl thste] 7145T 3AAE R APL Bte] wwel A AA
L d7e EnE Aue ¥, 4804 22 vt vk

° A4 72§22 AR S W FHozA, AR
Hog vje 248 Ah AAE o4 ERAA AAEE A G2 IPE) BE JYE W
PR AUEE Aobdof SEFNE PG WA= ARALE GRIANA SRR} A

o= 32 7
TFYE “9r=2 %%5{}"/}{— &4—% Yulgh= Ze= X = Yﬁ‘r Zo] EHHATH ABAETAE FIe=
= 5ol on tha3} 2t

AAE : Sx=v)y=P(XNY) (2.1)
AFE : Cixmy) = P(Y|X) = PXNY) (2.2)
- P(X)
A _P(Y|X) _ P(XNY) 2.3)
CeT T MEEY T IRY) T PX)P(Y) '
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WA 2) ABAFH AN A AR Ha AN Agste] ABAFAS AYB) olm) Ha
AF w9 AAEE WA AREE QBT H o] VT Thol B o] 4 olefeol A 5 U,
& AAE AHES 7 35 v Y FHE FohhA RaA He FSE 9

WA 3) $ZUSAL EAW T2 94 YR FASS vgoz A e g 2aed 7
o] EAsH A Pohuir] $1ske] MAIMSE AGAT. HNSE FPUET FAF FHE FolA

FUSET FPASoe] AT vob wA 4ol ARG ARG AGASE vikow
£ : o) 24 AR E} AR e DA 20042} SAatv], vl
o APNS BEE APUSE Aol A2 ANFRE B DAL AGASY A5} 27 @
o}

WA 6) #2 AR 2R ARD Al estel W) BAZ ARske A Gobeh A v B
A7 AR A9 7 AL dhase] Sjstel Al WA AYAB L A4 AL 2 o)
glonz 3R AARES Bk 2AL The Ak
<27 1> WA 4004 AR A AR Aol Aok Bk,
<27 2> WA 5l AR TIANS B AGASe TS Aol EAs
<27 3> WA 5olA AT AR FH AHAE gho] WA o)A BT ABA
grach Aok gk,

of &t}
A AE =

9] 374%) 2] WHEskE WAl 3w A Fsel 1 FHE AR o)ste] 2
gu7t g Ao B, 20| Shteke A gt A9t WA AT HRPAA onz o
A 42 Bobt the A hste] wE AgWch FAW FFWRE AAL FAS B 7 A
A 4587 AR O SV E AN RS0 oS 9A 4 ~ T 6ol wkE AT

3. mojAd

2 ZoA e =7olA A 7Y B84E Ttetety] st 2o AR E nige® A4S A
Alstazt gty 2 Agtox= ARG 75 FRlsta wjro] st B3 3& Fo}
d 3 e FHHE T Joug Bo| A5 oM FEAS 27]9) A 8709 F 10719 W
TE A8kt 2 Aps oA 0% 1401 254 27 A7 dder daE WA AZlen,
AAE o] t3te] 0914 0.507kA9] 48 12 W33F9T, 051004 17429 48 22 W3lelyoh
o714 AAE= BT ol eolal AR 7H$t 1,00071 & dsziv} 2o Ao AW 9 WEEAL2 %
3.13} 2t}

%319 ARE HPOR AWFAS AT ABAFH A A Ao AR Ha AAE
+ 992 607 1002 AFSAh. ABIFH A4 2% 5 A FHol BAH o™, BB 72
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£ 3.3 (A%)90 gt 72 9ol te A3 Awy 72 2%

No dw A e Agws  Fgus  ams AR AT
20 5 Xo X4 Xz 60.1 - X X
20 7 X X 47.6 X - -
21 5 X X4 50.5 X - -
22 6 Xs X6 45.1 X - -

i 339 AHE AAISH A EE thE3 2ok wishseo] 5 vizh AAF AHshe Arole
84 (olv)) el S SHelch oIS Sof, Fo| 19 2WS AW v} 24 1, 2, 30] AASHEE v
A7 BEE S & 5 AL, Y 5US AHEE w7 22 10] AHFA oot wiz FAZE A HEHA
hee o5 glon, Bel 6uz TS AWEE w7 22 19 AU 2, 30] AYHA grone v
N HAZ BHAA e & 5 Ak

(1) 74 29 datel X, 8 A EeR ARSS A9, AN X.oh AgEsd Yool A
472 (22 1)) AR, WAES Xu D AFNE X% FAS X9 484 73 (22 2)0]
AREEH, A X9 TPAF X9 A 624 Hrp iiAbs Xy B AU XeoF FFAF
X9 AF 68.60] o] 2BE (27 3) wiAHS o w7 BAI APATE

(2) 73 33 tiste] Xy Wi AASHHE A7, WA X9 Al X o
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St WA AQRAT, B ABL Fatol olo] T BEAS eHATE AT Ak B =golA
AN HE Bl A48 FAE 5 A4 Bl g 72 (v g #H)Se BAT
S 99tk ot 4R FAe] UE WAE o] BAGL ek AR B olslF 5 A o
F3, vl gt FHS AAT 5 Jons AwyFAe HNS Hrk rastn B = 4 9
b G AR B RN AASE P F7E BA, A9 2 AT AR o) HE3he] WSE 1
o BAE B} B FEF B8l Yt
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Abstract

Association rule mining searches for interesting relationships among items in a given
database. There are three primary quality measures for association rule, support and
confidence and lift. In order to improve the efficiency of existing mining algorithms,
constraints were applied during the mining process to generate only those association
rules that are interesting to users instead of all the association rules. When we create
relation rule, we can often find a lot of rules. This can find rule that direct relativity by
intervening variable does not exist. In this study we try to discovery an insignificant
rule in association rules by intervening variable. Result of this study can understand

relativity about rule that is created in relation rule more exactly.

Keywords: Association rule, indirect, intervening variable, intervening verification, sup-

port.
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