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(A 3D Face Reconstruction Based on the Symmetrical Characteristics
of Side View 2D Face Images )

(Sung Joo Lee, Kang Ryoung Park, and Jaihie Kim)
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Abstract

A widely used 3D face reconstruction method, structure from motion(SfM), shows robust performance when frontal,
left, and right face images are used. However, this method cannot reconstruct a self-occluded facial part correctly when
only one side view face images are used because only partial facial feature points can be used in this case. In order to
solve the problem, the proposed method exploit a constrain that is bilateral symmetry of human faces in order to generate
bilateral facial feature points and use both input facial feature points and generated facial feature points to reconstruct a
3D face. For quantitative evaluation of the proposed method, 3D faces were obtained from a 3D face scanner and
compared with the reconstructed 3D faces. The experimental results show that the proposed 3D face reconstruction method
based on both facial feature points outperforms the previous 3D face reconstruction method based on only partial facial
feature points.

Keywords : 3D Face reconstruction, Structure from motion, side view images
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