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ABSTRACT

This paper proposes a new vehicle model recognition using scale invariant feature transform to car’s

headlights image. Proposed vehicle model recognition raises the accuracy using "homogeneity” calculated
from the distribution of features. In the experiment with 400 test images taken from 54 different vehicles,
proposed method has 90% recognition rate and 16.45 homogeneity.
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where
Vi ¢ features extracted from an input image

Va(n) : features in the database for vehicle

model n
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where

n : model number

05 std of gradients of segments between the
features extracted from an input image and
the features in the database

oy - std of length of segments between the
features extracted from an input image and
the features in the database

TP(n): true positive; number of correctly

recognized vehicle model n
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