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Abstract

Internet is becoming increasingly popular due to the rapid development of information and communication technology.
There has been a convenient social activities such as the mutual exchange of information, e-commerce, internet banking,
etc. through cyberspace on a computer. However, by using the convenience of the internet, the personal IDs(identity card,
driving license, passport, student ID, etc.) represented by the electronic media are exposed on the internet frequently.
Therefore, this study propose a feature extraction method to analyze the characteristics of image files containing personal
information and a image retrieval method to find the images using the extracted features. The proposed method selects the
feature information from color, texture, and shape of the images, and the images as searched by similarity analysis
between feature information. The result which it experiments from the image which it acquires from the web-based image
DB and correct image retrieval rate is 89%, the computing time per frame is 0.17 seconds. The proposed method can be
efficiently apply a system to search the image files containing personal information and to determine the criteria of
exposure of personal information.

Keywords : Content-based Image Retrieval, Features Histogram Matching Image Analysis
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