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i 3.2. KOSPI €8 204005 (ry) AIQ0I Zetet U2 0|24t R¥E2] AICH W
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f

3.3. AR(0)-EGARCH(1, 1), no intercept term 22| MEHZA 1}

EE R FEETe -3k Pr > |1]
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51 0.9848 0.0060 164.43* <.0001
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Kemel density plot of r2t
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T 3.7. SEAELOR 25t hAIE & Xl ZALLA HSA(L)Q 0IZHExHSD)
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Abstract
In this paper, we use a nested family of models of Generalized Autoregressive Conditional Heteroscedastic-
ity(GARCH) to verify asymmetric conditional heteroscedasticity in the KOSPI and Won-Dollar exchange
rate. This study starts from an investigation of whether time series data have asymmetric features not
explained by standard GARCH models. First, we use kernel density plot to show the non-normality and
asymmetry in data as well as to capture asymmetric conditional heteroscedasticity. Later, we use three
representative asymmetric heteroscedastic models, EGARCH(Exponential Garch), GJR-GARCH(Glosten,
Jagannathan and Runkle), APARCH(Asymmetric Power Arch) that are improved from standard GARCH
models to give a better explanation of asymmetry. Thereby we highlight the fact that volatility tends to
respond asymmetrically according to positive and/or negative values of past changes referred to as the
leverage effect. Furthermore, it is verified that how the direction of asymmetry is different depending on
characteristics of time series data. For the KOSPI and Korean won-US dollar exchange rate, asymmet-
ric heteroscedastic model analysis successfully reveal the leverage effect. We obtained predictive values of

conditional volatility and its prediction standard errors by using moving block bootstrap.
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