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Abstract

Applying the conventional machine-learning method which has been frequently used in
health-care area has several fundamental problems for modern U-health service analysis. First
of all, we are still lack of application examples of the traditional method for our modern U-health
environment because of its short term history of U-health study. Second, it is difficult to apply
the machine-learning method to our U-health service environment which requires real-time
management of disease because the method spends a lot of time in the process of learning. Third,
we cannot implement a personalized U-health diagnosis system using the conventional method
because there is no way to assign weights on the disease-related variables although various
kinds of machine-learning schemes have been proposed. In this paper, a novel diagnosis scheme
PCADP is proposed to overcome the problems mentioned above. PCADP scheme is a
personalized diagnosis method and it makes the bio—data analysis just a 'process’ in the
U-health service system. In addition, we offer a semantics modeling of the U-health ontology
framework in order to describe U-health data and service specifications as meaningful
representations based on this PCADP. The PCADP scheme is a kind of statistical diagnosis
method which has characteristics of flexible structure, real-time processing, continuous
improvement, and easy monitoring of decision process. Upto the best of authors’ knowledge, the
PCADP scheme and ontology framework proposed in this paper reveals one of the best
characteristics of flexible structure, real-time processing, continuous improvement, and easy
monitoring among recently developed U-health schemes.
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