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(Robust Skyline Extraction Algorithm For Mountainous Images )
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Abstract

Skyline extraction in mountainous images which has been used for navigation of vehicles or micro unmarmed air
vehicles is very hard to implement because of the complexity of skyline shapes, occlusions by environments, dfficulties to
detect precise edges and noises in an image. In spite of these difficulties, skyline extraction is avery important theme that
can be applied to the various fields of unmanned vehicles applications. In this paper, we developed a robust skyline
extraction algorithm using two-scale canny edge images, topological information and location of the skyline in an image.
Two-scale canny edge images are composed of High Scale Canny edge image that satisfies good localization criterion and
Low Scale Canny edge image that satisfies good detection criterion. By applying each image to the proper steps of the
algorithm, we could obtain good performance to extract skyline in images under complex environments. The performance
of the proposed algorithm is proved by experimental results using various images and compared with an existing method.

Keywords : skyline extraction, mountainous images, cany edge images, skyline candidate pixel
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S-neighbor of the skyline candidate points.
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image and Low scale canny edge image.
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Experimental results for six chosen test images and the comparison with the results of Woo et
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